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Verify the precipitation
predictability limit in
the
rainy season over
South America.
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Verification - Continuous variables
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4-hs Precip Forecast

360-hs Precip Forecast
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Performance verification in brief...

Performance: Ensemble forecast lead-time
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Performance verification in brief...

_ Performance: Ensemble forecast lead-time .
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What the verification Is show!

* Mostly over-forecasts.
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* Very sensitive to chosen threshold
(overforecasting weak events,
underforecasting strong events) [] Is it
possible to have a dynamic
calibration?

* The model can discriminate betweerﬁ
events and non-events until very higz
lead times.

* But for high thresholds [] scores tend to
be the worst.
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* Bad reliability/scores might result from i ¢
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Conclusion
What is the predictability limit in

the rainy season over South

* No final conclusion can be made, it is just a
preliminary study!

e Possible reasons for bad scores:

* The spatial shift [] Consider spatial
verification

 Bad data preparation [] review temporal
and spatial matching
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